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ABSTRACT. Emotional intelligence has been widely accepted as a
very important feature of employees, influencing the way of thinking, the
behaviour, and the interaction with other people. Traditionally, IT&C
professionals are considered to have fewer soft skills than other types of
professionals, as their education and work environment require task
orientation, autonomy, reduced direct communication, and technical
skills (Tang and Yin, 2008). The present research aims at investigating
the emotional intelligence and its relationship with the work engagement
among 450 Romanian IT&C professionals using a questionnaire-based
survey. Two valid and reliable scales, the Wong and Law Emotional
Intelligence Scale and Work (Wong and Law, 2002) and the Well-being
Survey (UWES) (Schaufeli et al., 2017), were used to assess the
concepts. The results of the study show that, contrary to our
assumptions, the level of emotional intelligence of respondents is quite
high, and that a direct relationship between the two concepts does exist.
Our research reveals significant differences in multiple factors linked to
Emotional Intelligence and Work Engagement according to various
control variables, such as gender, age, residence, and income level.

KEYWORDS: emotional intelligence, work engagement, IT&C
professionals, Romania, demographic variables.

TRANSFORMATIONS IN BUSINESS & ECONOMICS, Vol. 24, No 2 (65), 2025



M. Covrig, S.l. Goia (Agoston), R.S. 45 ISSN 1648-4460
Igret, C.-V. Marinas, O.-A. Burca

JEL classification: M5, J24, J28.

Introduction

Intelligence is an individual’s ability to deal with different concepts, learn quickly,
adapt to diverse situations and continuously develop. The concept has been defined in several
ways, with almost all the specialists agreeing that it involves the ability to adapt to the
environment (Cherry, 2022; Sternberg, 2019).

Nowadays, emotional intelligence (EI) is considered to be essential for the
environmental adaptation of employees. Emotional intelligence can be described as the ability
to identify, use, understand, and manage one’s emotions in positive ways to release stress,
communicate effectively, empathise with others, overcome challenges, and defuse conflicts.
In addition to that, it is a skill that allows us to recognise and understand what others
experience emotionally. For the most part, this recognition and understanding takes place as a
non-verbal process that influences both the inner world, the thinking processes and the outer
world, as well as the interpersonal relationships.

Evidently, EI is important for any type of job, being considered a combination
between intelligence and emotion (Roberts et al., 2001). Two types of models about EI are
under research: ability and mixed models. In this present study we employ the ability model,
in which EI is conceived as a set of competencies that may enable people to use emotions in
order to achieve desired outcomes (Fox and Spector, 2000). A particularly crucial function of
El is to help individuals adapt to complex social environments and respond appropriately to
different emotions. According to Davis et al., (1998) El has a number of components
considered lower order factors and entails four dimensions: (1) appraisal and expression of
emotion in the self; (2) appraisal and recognition of others’ emotions; (3) regulations of
emotions in oneself and other people; and (4) use of emotion to facilitate performance.

A high EI contributes to a better social interaction, and it is positively correlated with
the academic performance of students (Parker et al., 2004). Furthermore, studies emphasise a
strong connection between EIl and job performance (Dhani, Sharma, 2017).

Romania is among the most attractive markets in Europe in terms of investments in
technology and outsourcing, with a highly skilled and diverse workforce, competitive prices,
and a stimulating business environment. The IT sector in Romania has grown steadily over
the past decade, despite political and economic turmoil, which is a good indicator of its
driving force. Known for their broad technical expertise, flexibility, enthusiasm and excellent
language knowledge, software service providers in Romania are one of the best prospects for
long-term collaborations, having earned an excellent reputation in this global industry.
Eurostat reported that between 2012 and 2021, the share of IT professionals with higher
education in the Member States increased by over 30% in Austria, by over 15% in Romania
and Portugal, and more than 10% in Slovenia, Bulgaria, Hungary, Sweden, Italy, Denmark,
and Croatia. In 2019, Romania ranked 8 in the EU27’s ranking “Employed ICT specialists by
educational attainment level — Tertiary education” (EITHealth, 2021).

The aim of this study is to analyse the level of emotional intelligence of IT
professionals in Romania, potential differences in EI levels according to various control
variables, and the relationship between EI and work engagement. In this respect, the authors
used reliable and valid instruments to evaluate the two concepts: WLEIS (Wong, Law

TRANSFORMATIONS IN BUSINESS & ECONOMICS, Vol. 24, No 2 (65), 2025



M. Covrig, S.l. Goia (Agoston), R.S. 46 ISSN 1648-4460
Igret, C.-V. Marinas, O.-A. Burca

Emotional Intelligence Scale) (Wong, Law, 2002) and the Utrecht Work Engagement Scale
(UWES) (Schaufeli et al., 2017). The concern for measuring the level of emotional
intelligence of IT specialists is justified by the fact that, in general, they are perceived as
people with high 1Q levels but less adaptable to social environments. Unfortunately, this can
lead to lower levels of retention, little adaptability to teamwork, collaboration, or social
interaction. Moreover, studies are revealing that persons with higher El are likely to be drawn
to occupations that involve social interaction than in occupations involving clerical or
administrative tasks (Mayer et al., 2004).

The research questions (RQ) that we address in the present work are therefore the
following:

RQ1: What is the level of emotional intelligence among IT&C professionals?

RQ2: Is there any relationship between emotional intelligence and work engagement
among IT&C professionals?

RQ3: Are there any differences regarding the level of emotional intelligence between
various demographic groups of IT&C professionals?

1. Theoretical Framework
1.1 Intelligence: Narrowing down the Concept

The study of intelligence has traditionally been one of the main fields of study in
psychology (Sternberg, Detterman, 1986). Intelligence is the ability to adapt to new situations,
to learn from one’s own experience, to manipulate abstract concepts, to use metacognition
(people’s understanding and control of their own thinking processes) to foster learning and to
develop in the environment either by the knowledge acquired or by solving different problems
(Sternberg, 2018).

Over time, various authors explored different taxonomies of intelligence. For instance,
Stephen Covey (2004) speaks about four different types of intelligence in his work: 1Q
(intelligence quotient), EQ (emotional quotient), SQ (spiritual quotient) and PQ (physical
quotient), arguing that spiritual intelligence is central to all other forms of intelligence,
representing a source of guidance for the others. The very famous Harvard psychologist
Howard Gardner (1993), started from his belief that the conventional concept of intelligence
is too narrow and the measurement of 1Q too restrictive, leading to missing out other types of
intelligences As a result, he developed the theory of multiple intelligences. Therefore, he
speaks about seven types of intelligence: linguistic, logical-mathematical, kinaesthesic,
spatial, musical, intrapersonal and interpersonal. Gardner’s intrapersonal intelligence (one’s
intelligence in dealing with oneself) together with the interpersonal intelligence (one’s
intelligence in dealing with others) form the social intelligence of a person (Wong, Law,
2002). Wong and Law (2002) suggest that the origins of Emotional Intelligence can be traced
back to the concept of social intelligence, first defined by Thorndike in 1920 as the ability “to
act wisely in human relations” (p.245). However, Salovey and Mayer (1990) were among the
first ones who used the term “emotional intelligence” to depict people’s ability to deal with
emotions. Relying on Salovey and Mayer’s definition, Goleman (2005) enriched the theory,
stating that EI implies abilities such as self-awareness, self-motivating, handling emotions and
relationships, empathy.

There is a broad range of definitions dealing with the concept of EI. However, there is
growing acceptance that emotional intelligence encompasses the ability to use emotion for
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better reasoning as well as the ability to reason effectively using emotional information
(Mayer et al., 2011). Primarily, there are two well-established scientific approaches to El: i)
the ability model cemented by Salovey and Mayer (1990), which clearly separates personality
traits from abilities connected to EI (Mayer, Salovey, 1997) and ii) mixed and trait models,
which propose a much broader framework for the concept of EI, combing explicitly mental
abilities with other psychological constructs (Herpertz et al., 2016). In this study we rely on
the ability model consisting of four different pillars (self-emotional appraisal, others’
emotions appraisal, use of emotions and regulation of emotions), proposed by Salovey and
Mayer (1990). This notion also underpins the WLEIS scale used in the present paper by the
IT&C specialists for the self-assessment of their EI.

When speaking about intelligence and its measurement, historically, the emphasis lied
on cognitive and attentional tasks (Humphreys, 1979). However, it is becoming widely
accepted that assessing intelligence involves emotional (Goleman, 2006; Mayer et al., 2004),
practical (McDaniel et al., 2001) and cultural intelligence (Ang et al., 2007; Bratianu, Paiuc,
2023) all of which having an immediate impact in the “real world”, influencing our relations
and work in the broader sense (Compton, 2021; Goleman, 2005).

Since intelligence, i.e. the type of intelligence one possesses, and the way in which it
is expressed, influences the work environment, the topic transcended the boundaries of
psychology. It started to be intensively explored in other research areas related to
organisational research (Jordan, Troth, 2011) and business management, such as human
resource management, leadership and organisation, cross-cultural management etc.

Emotional intelligence was analysed in connection with various other concepts related
to human resources, such as employability of individuals (Pathak et al., 2018; Wilkerson,
2012), work performance (Dhani, Sharma, 2017; Hjalmarsson, Daderman, 2022; Joseph,
Newman, 2010; Law et al., 2008), work engagement (Selvi, Aiswarya, 2023), job satisfaction
(Gholipour Soleimani et al., 2017; Wong et al., 2005), personnel turnover (Falahat et al.,
2014; Gholipour Soleimani et al., 2017; Jordan, Troth, 2011), leadership behaviour (Bratianu,
Paiuc, 2023; Gholipour Soleimani et al., 2017; Jordan, Troth, 2011; Majeed et al., 2017).

The concept of EI has been explored across multiple professional categories, such as
students (Carrothers et al., 2000; Jassim et al., 2024), employees (Amjad, Abid, 2011) and
executives (Ezzi et al., 2020; Schutte et al., 2004) and fields of activity, each of them
involving two different degrees of emotional labour: from education (Kumar, Muniandy,
2012; Majeed et al., 2017; Nasir et al., 2023) and health services (Kaur et al., 2015;
Nightingale et al., 2018) up to airlines (Herpertz et al., 2016), banking (Giao et al., 2020; Das,
Ali, 2014), or technology (Falahat et al., 2014; Pathak et al., 2018; Sameer, Shaji, 2022).
Along with the rapid development of high-end technologies and the surge of artificial
intelligence (Al) in recent years, during times when human touch seems to be neglected, and
the sense of emotion and feelings goes dull (Sameer, Shaji, 2022). Many scholars focus in
their research on the intersection of the two concepts, El, a concept rather related to the very
social, human part of people and technology. Numerous recent studies (Aoudni et al., 2025;
Rust, Huang, 2021) have focused on the human-robot/machine interaction and the role of
emotional intelligence in Al based devices. The capacity to perceive emotions, understand
verbal and non-verbal communication, react to humans’ feelings, and display human emotions
increases the adoption rate of robots and leads to more customised and more vivid interaction
with users/customers. Emotional or psychological artificial intelligence determines machines
to adjust their reactions and responses to the humans’ behaviour giving the sentiment of
empathy and creating social connections with the users and consequently providing a better,
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more personal, user experience (Aoudni et al., 2025; Edwards et al., 2019; Rincon et al.,
2019).

1.2 Emotional Intelligence in the IT&C Sector

The fact that the IT&C industry represents a strategic sector and a source of
competitive advantage for the Romanian economy is not new. Its emergence as such can be
traced back to the early 2000s, as stated also in the official documents of the government: “the
information technology sector represents a priority activity that is expected to be stimulated”
including through fiscal incentives. The last twenty years have witnessed a remarkable
development in Romania’s IT industry. Its contribution to the country’s GDP varied all over
time, rising by 37.92% from 4.91% in 2000 to 6.77% in the first two quarters of 2023. Despite
all the difficulties, it has always remained on an upward trend. The same applies to the
employment numbers: with over 140,000 employees in this sector, Romania is the leader in
Europe, and number six worldwide (as to number of employees per 1,000 citizens),
concerning the number of certified IT specialists. In 2000 the number of employees in the
field was around 4,500, rising each year and reaching a peak of 144,300 in the first half of
2023. Thus, this represents an increase of 3,204% over the last two decades. (Popescu-
Predulescu, 2024).

The positive dynamics of this sector, doubled by financing opportunities (public
funding and private investment capital), fiscal incentives and well-educated labour force,
attracted direct foreign investments. What is more, it also facilitated the emergence and
development of numerous entrepreneurial ventures and hubs in this sector, along with other
research and development initiatives. As a proof for the above statement, remains also the
company UiPath, a Romanian tech start-up founded in 2005 and rebranded 10 years later,
specialising in robotic process automation (RPA). In 2018, it established itself as the first
Romanian unicorn and in 2021 was also listed at the New York Stock Exchange. The
extraordinary success of this Romanian start-up boosted even more the Romanian IT industry,
stimulating also new emerging ventures in this sector (llie, Kahn, 2022).

According to experts (Stowe, 2020), the technology industry exhibits a very high
personnel turnover rate, 13.2%, exceeding that of any other industry (10.5% average).
Moreover, as reported by their HR leaders, the voluntary employee attrition rate in technology
companies increased on a yearly basis, reaching a peak of 50% increase during the Covid-19
pandemic, in the second semester of 2021, as reported by their HR leaders. This trend
indicates that the “Great Resignation” did impact technology companies in terms of people
fluctuation, and perhaps to a greater extent than other business sectors. As job-switching
gradually becomes the norm, technology companies should attempt to address the causes of
attrition by implementing innovative, efficient solutions (Davis and Edmonds, 2022). The fact
that work engagement and employees’ turnover are negatively correlated is already proven by
many researchers (Du Plooy, Roodt, 2010; Memon et al., 2016; Woocheol, 2017).

On the other hand, studies conducted within the IT industry show that a high level of
El is connected with a smaller turnover rate of employees (Falahat et al., 2014; Jordan, Troth,
2011). The analysis of El in the IT&C sector is not new, many authors have scrutinised its
various facets. Having said that, it should be also noted that in most of the studies the context
is represented by Asian countries, from Malaysia to India and China, countries where the
IT&C sector plays also a significant role in the economy (Falahat et al., 2014; Harshini,
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Ramachandran, 2020; Law et al., 2008; Pathak et al., 2018; Ravichandran et al., 2011;
Sameer, Shaji, 2022).

Thus, the outcome of previous research linked with the importance of the IT&C sector
in Romania triggered our interest to closing a gap in the literature by investigating the level of
El among IT&C specialists and its connection with work engagement, while also considering
different demographic variables.

1.3 Emotional Intelligence and Work Engagement

The concept of work engagement has been extensively researched, as engaged
employees are considered to be more performant and reliable in their companies (Selvi,
Aiswarya, 2023; Shimazu et al., 2010). It is imperative to examine the work engagement in
the IT&C, as there is a high turnover of employees in this sector in Romania, which results in
high employment costs. In this research, we follow Kahn’s (1990) definition of engagement
as a workplace situation in which employees are deeply involved in their work and express
themselves physically, cognitively and emotionally during the work performance. Engaged
employees are more positive and enthusiastic at work, far away from the negative state of
burnout, which is considered to be the opposite of engagement (Schaufelli et al., 2002).
Richaman (2006) argued that high employee engagement implies increased discretionary
effort, productivity and a lower turnover.

This means that management must implement a range of people practices that are
effective in increasing engagement, such as ensuring a positive, constructive organisational
culture and climate, caring for the wellbeing of employees, or promoting servant leadership.
Moreover, the availability of job resources is also considered to increase job involvement.
Engagement is also related to job satisfaction and emotional intelligence. A study conducted
on professors from a public university in Colombia has shown a correlation between self-
awareness, self-management, relationship management, and empathy with both work
engagement and job satisfaction. In addition, it revealed that EIl is related to loyalty and
happiness at work (Mufioz et al., 2024).

Various other studies explore the relation between emotional intelligence and
engagement. In this regard, the most recent include Jassim et al. (2024), who conducted a
study among students of music educational institutions in Irag, revealing a positive
relationship between students’ emotional intelligence and their engagement and innovation
adoption.

In a study carried out on police officers from Australia, Brunetto et al. (2012) analysed
the connection between emotional intelligence and work engagement. The research
demonstrates that emotional intelligence increases job satisfaction and well-being,
encouraging positive relationships that improve employee engagement and organisational
commitment, thereby reducing turnover intentions. Similar results were obtained by Selvi and
Aiswarya (2022), their research confirming a strong correlation between work engagement
and emotional intelligence.
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2. Methodology
2.1 Measures

Based on extensive literature review, a survey was developed. It consists of three
parts: (1) general information about the respondents, (2) the 16-item WLEIS (Wong and Law
Emotional Intelligence Scale) (Wong, Law, 2002) and (3) the 3-item version of the Utrecht
Work Engagement Scale (UWES) (Schaufeli et al., 2017).

The WLEIS tool for EI measurement follows the scientific construct of emotional
intelligence firstly developed by Salovey, Mayer (1990). The aforementioned16 items of
WLEIS, scored on a seven-point Likert scale, measure four competencies: (a) Self-emotion
appraisal (SEA), which reflects the self-perception of one’s own feelings; (b) Other’s emotion
appraisal (OEA), which reflects the understanding and evaluation of other people’s emotions;
(c) Use of emotions (UOE), which refers to how respondents set goals for themselves, self-
motivate to achieve best results; and (d) Regulation of emotion (ROE), which refers to how
one is capable to control its emotions. Each competency is evaluated under four categories.

In the present study, work engagement was measured through the short 3-item version
of the Utrecht Work Engagement Scale (Schaufeli et al., 2017). This scale is a self-report
questionnaire derived from the UWES 9-item (Schaufeli et al., 2006), which included three
dimensions of work engagement: vigour (which refers to high levels of energy and resilience),
dedication (which refers to a strong commitment for work) and absorption (which refers to the
level of concentration at work), each with three items. In the 3-item UWES, the authors kept
only three items, one item from each dimension: At my work, | feel bursting with energy
(vigour), 1 am enthusiastic about my job (dedication), and I am immersed in my work
(absorption). While studies from researchers such as Federici, Skaalvik (2011), Fong, Ng
(2012), Carmona-Halty et al. (2019) demonstrated the internal consistency and reliability of
the 9-item UWES, there are studies in which the 3-factor model with 9 items does not hold,
for example, Willmer et al. (2019) or Kulikowski (2019). Schaufeli et al. (2017) proved in
their work that “UWES-3 is a reliable and valid indicator of work engagement that can be
used as an alternative to the longer version.”

2.2 Methods

The quantitative analysis focused on performing Confirmatory Factor Analysis on the
two scales (Emotional Intelligence and Work Engagement), followed by non-parametric
correlation analysis, and lastly, non-parametric tests such as Kruskal-Wallis and/or
Jonckheere-Terspstra.

According to Price (2023), “Confirmatory factor analysis (CFA) is a technique used to
analyse the efficacy of measurement models where the number of factors and their direct
relationship is specified” a priori. The CFA was carried out through the parameter estimation
and validation stages, the latter by goodness-of-fit measures, such as CFl, TLI, RMSEA, Chi-
Square test. The relationship or association between the four factors of the Emotional
Intelligence scale, and the Work Engagement latent construct was assessed by applying the
Spearman’s rank correlation coefficient: a point estimate and a test of statistical significance,
similar to the approach used by Nicolae and Rosca (2022) or Leoveanu-Soare and Nimerenco
(2023). The last part of the empirical analysis was reserved for non-parametric tests such as
Kruskal-Wallis and/or Jonckheere-Terspstra, by considering a factor (latent construct) as the
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quantitative dependent variable and a qualitative nominal or ordinal control variable as the
independent variable. The first mentioned non-parametric test, the Kruskal-Wallis test, has
also been conducted by Biclesanu et al. (2022), and the independent variables were
demographic.

We were interested in investigating whether there are significant differences in the
distribution of the dependent quantitative variable (factor or latent construct) among the
categories of the independent qualitative variable. Kruskal-Wallis is the appropriate test to
determine whether the population medians are equal against the alternative, and that at least
two of them are significantly different. The Jonckheere-Terspstra test analyses whether there
IS an increasing or decreasing trend in the medians of the dependent variable in the classes or
groups determined by the response categories of the ordinal control variables (Kraska-Miller,
2013).

2.3 Description of the Sample

The study was conducted on IT&C professionals from different industries in Romania.
Since our research focuses on IT&C specialists from Romania, we employed a non-
probability purposive sampling technique that allowed us to collect 450 valid questionnaires.
These were further analysed using various statistical methods, as depicted in the other sections
of the paper. Between the end of 2022 and the beginning of 2023, the questionnaire was
distribute online through social media networks such as LinkedIn, Reddit, Facebook,
Instagram, in various IT hubs and communities. The general information about respondents
encompassed questions about gender, age, rural/urban environment, monthly salary,
occupation, level of education. Additionally, a question was included targeting the self-
assessment of respondents regarding their familiarity with the concept of Emotional
Intelligence.

According to the data collected, the majority of the respondents are male, 85.11%, in
accordance with the general statistics stating that the occupational domain IT&C attracts in
general males (Econmedia, 2022); almost half of them are aged under 25 years, and the other
half is split unevenly between those aged 2635 and over 36 years. Slightly more than three
quarters of them were born in urban areas. This data is also in accordance with the European
statistics, which reveals that young people aged between 15 and 34 represent the majority of
qualified employees in the IT&C sector in most member states of the European Union.
Romania being one of the countries with the highest percentage of young employees in this
domain, namely 78.8% (Econmedia, 2022).

Monthly income displays an unbalanced distribution; almost 84% of the respondents
declared that their monthly earnings are at least 5,000 lei (= 1,000 Euro). Such income is
considered high in Romania, a country where according to National Institute of Statistics
(2023) the average net salary at the beginning of 2023 was 4,254 lei (= 850 Euro). However, it
is widely known that in the IT&C industry the wages are higher than in other industries,
benefitting also from certain other fiscal advantages, aimed at stimulating its development and
the attractiveness in Romania (Popescu-Predulescu, 2024).

Regarding their current occupation, 80% of them are employed, followed by
freelancers (12.22%) and entrepreneurs (2.67%), and the rest are IT&C students not working
or currently unemployed. The respondents are highly educated, as almost 85% of them
graduated from a form of tertiary education (62% BA, 24.22% M.Sc., 1.33% PhD). The
participants occupy junior, middle, or senior positions, for instance, frontend Developer,
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backend Developer, full Stack Developer, Java Developer, Python Developer, React
Developer, NET Developer, Software Engineer, Developer Engineer, etc. Familiarity with the
concept of Emotional Intelligence is very well represented with more than 80% of the
respondents answering positively.

Therefore, the general profile of the respondent is: young male, employee in the IT&C
industry, earning more than 1,000 Euro per month, graduated from a Bachelor program, and
aware of the meaning of emotional intelligence.

3. Results and Discussion
3.1 WLEIS Scale for the Assessment of Emotional Intelligence

As previously specified, the WLEIS (Wong and Law Emotional Intelligence Scale)
(Wong, Law, 2002) contains 16 items, grouped into 4 dimensions (Self-emotion appraisal —
SEA: WL_I1-WL_I4, Others’ emotion appraisal — OEA: WL_I5-WL_18, Use of emotion —
UOE: WL_I9-WL_112 and Regulation of emotion — ROE: WL_I113-WL_116) and evaluated
on a 7-point Likert scale, where 1 = totally disagree, and 7= totally agree. By analysing the
WLEIS results, we aim to address the first research question, related to the level of emotional
intelligence among IT&C professionals.

Table 1 presents several descriptive statistics of the 16 items. All items show negative
skewness, which indicates that more favourable response categories predominate in the
sample, some items having even the skewness coefficient smaller than -1, suggesting that the
distribution is highly skewed to the left. It can be observed that the item means range from
4.98 for item WL _I115 to 5.73 for item WL_I1, which is another convincing indicator that the
answers tend to be closer to the Agreement alternatives. Therefore, the emotional intelligence
of IT&C specialists is very high, despite the general assumption that respondents with a
technical, rational profile based on critical and analytical thinking might underperform at tests
related to emotional intelligence. This ability is rather connected with a humanistic profile and
relevant in emotional labour jobs (Carrothers et al., 2000; Herpertz et al., 2016; Joseph and
Newman, 2010; Lie and Liu, 2014; Wilkerson, 2012). However, we should also consider the
risk of bias in the self-assessment process, which might lead to the Dunning-Kruger effect
(Dunning, 2011). The effect, also known as cognitive self-analysis bias, means that
individuals may tend to over-evaluate issues they perceive as having a positive connotation
with which they wish to be associated. When performing self-evaluations, people are drawn to
socially desirable responses and self-enhancement, as part of impression management
(Paulhus, 1991). Another reason for a potential bias of over-self-evaluation could be
represented by the fact that people might possess rather limited self-awareness and knowledge
regarding their emotional abilities (Herpertz, 2016). However, considering the very high
values reported in Table 1, despite the potential biases mentioned above, the tendency towards
high levels of emotional intelligence among IT&C professionals from Romania cannot be
questioned.
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Table 1. Descriptive Statistics of the 16 Items Included in the WLEIS Scale

Items Question mean | sd skew kurtosis
WL_I1 | have a good sense of why | have certain feelings most of the time. | 5.73 1.12 -1.42 5.58
WL_I2 I have good understanding of my own emotions. 5.56 1.18 -1.28 4.91
WL_I3 I really understand what | feel. 5.44 1.24 -1.12 4.34
WL_I4 I always know whether or not | am happy. 571 1.19 -1.18 4.53
WL_I5 I always know my friends’ emotions from their behaviour. 5.13 1.28 -0.99 4.06
WL_I6 | am a good observer of others’ emotions. 542 1.33 -1.01 4.02
WL_I7 | am sensitive to the feelings and emotions of others. 5.24 1.52 -0.78 2.96
WL_I8 I have good understanding of the emotions of people around me. 5.22 1.26 -0.92 3.89
WL_I9 | always set goals for myself and then try my best to achieve them. | 5.49 1.40 -0.90 3.26
WL_I110 | I always tell myself | am a competent person. 5.13 1.55 -0.67 2.69
WL_I11 | I am a self-motivated person. 5.52 1.50 -1.07 3.61
WL_I112 | I would always encourage myself to try my best. 5.68 1.42 -1.17 3.90
WL_I13 | I am able to control my temper and handle difficulties rationally. 5.34 1.36 -0.76 3.13
WL_I14 | 1 am quite capable of controlling my own emotions. 5.15 1.42 -0.71 2.96
WL_I15 | I can always calm down quickly when | am very angry. 4.98 1.56 -0.65 2.80
WL_I16 | I have good control of my own emotions. 5.14 141 -0.77 3.24

Note: Skewness coefficients are to be compared to 0, while Kurtosis coefficients are to be compared to 3.

Source: authors’ processing in R.

Our results are consistent with the findings of other authors which investigate
emotional intelligence in IT&C (Sinha, 2018). The relatively high values of emotional
intelligence among IT&C specialists could be partly explained by level of perception of the
importance of the emotional skills already developed during the study years. According to
Kansal and Sadawarti (2025), final-year computer- science students rank emotional factors
first, having the highest contribution to the self-perceived employability. Non-cognitive skills
followed by cognitive skills influence, in the subjective perception of the surveyed IT
students, much less the chances to be employed. Among the emotional quotient, self-
management was assessed as particularly impactful. The awareness regarding the importance
of emotional intelligence since university studies can influence the drive and efforts to
improve it and subsequently, implicitly lead to increased values of emotional intelligence
among IT&C professionals. In addition, the research of Wilkerson (2012) conducted in the
USA reveals that certain non-technical skills are more important to IT specialists than some
technical skills.

The items in the WLEIS scale do not follow normal distributions, neither individually
(i.e., each of them) nor multivariate; the multivariate Mardia test of normality is rejected at the
1% level of significance. The Mardia Skewness and Mardia Kurtosis statistics are 3354.76
and 53.52, respectively, with p-values extremely close to 0. The Bartlett sphericity test
applied to the polychoric correlation matrix of the items, with ¥2=5482.65, p-value=0, and the
Kaiser-Meyer-Olkin measure of factor adequacy of 0.86 greater than 0.7 show that the data
are suitable to complete the factor analysis.

These results, together with the fact that the items are measured on a 7-point Likert-
type ordinal scale, prompted us to conduct Confirmatory Factor Analysis on the items of the
WLEIS scale using the WLSMV (Weighted Least Squares) method with diagonally weighted
least squares (DWLS), as an alternative to ML, as suggested in Brown (2015, p.354), and
implemented in the R package lavaan (Rosseel, 2012), that we used extensively in the data
analysis.

We have conducted confirmatory factor analysis on the 16 items of the Wang and Law
Emotional Intelligence Scale with the 4 factors indicated in Wang and Law (2002), utilising
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the CFA function in lavaan package. In order to evaluate the quality of adjustment, we
assessed the measures of fit (goodness-of-fit indexes), which were very satisfactory,
indicating that the data are suitable and adjust well the proposed model: CFI = 0.980 and TLI
= 0.975 are well above 0.9, as recommended in Hu and Bentler (1999), and the Standardized
Root Mean Square Residual SRMR was 0.047, less than 0.08. The Root-mean-square error of
Approximation RMSEA was 0.075, below the specified threshold of 0.8, suggesting that the
model was adequately fit, as stated in Browne and Cudeck (1993), with the 90% confidence
interval [0.066; 0.084], where the upper bound is less than 0.10, above which the model
should have been rejected, according to Browne and Cudeck (1993). The Chi-Square statistic
of 354.289, df = 98, was significant, but this could be experienced in large samples, where the
calculated value of the test statistic is strongly influenced by the sample size. Similar
evaluation of the confirmatory factor analysis has been done by Ahmed et al. (2022) or Hoang
and Tung (2023).

The average variance extracted by each of the four factors SEA = Self Emotion
Appraisal, OEA = Others” Emotion Appraisal, UOE = Use of Emotions, ROE = Regulation of
Emotions amounted to 0.705, 0.656, 0.688, and 0.743, respectively, all being higher than 0.50.
The composite/construct reliability was greater than 0.70 for each factor: 0.903, 0.829, 0.883,
and 0.896, respectively. Finally, the internal consistency was assessed by Cronbach’s alphas,
all above 0.7: 0.89 for the whole WLEI scale, and 0.87, 0.85, 0.97, and 0.90, respectively, for
each of the four latent constructs, demonstrating good internal reliability.
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Source: authors’ processing in R.

Figure 1. Path Diagram of the Four Factors CFA on the WLEI Scale

The path diagram of the estimated CFA with four factors is displayed in Figure 1, and
it shows that all standardised loadings are greater than 0.50, and they range between 0.52 and
0.96, with only two of them below 0.7. The inter-factor correlations range between 0.35 and
0.55, values far below 0.8; otherwise, a much simpler structure could have been considered.
All the standardised factor loadings and inter-factor correlations are statistically significant,
with p-values less than 0.0001.

After the four-factor model of the Wang and Law Emotional Intelligence Scale has
been successfully fitted on the observed data, we predicted the scores of the identified factors.
Their descriptive statistics and histograms are presented in Table 2 and Figure 2.
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Table 2. Descriptive Statistics of the Four Latent Constructs of WLEI Scale

factors mean sd min Q1 median Q3 max skew kurtosis

SEA -0.02 0.92 -2.90 -0.64 0.03| 055 1.98 | -0.176 2.971
OEA -0.01 0.92 -3.05 -0.60 -0.03 | 0.60 2.04 | -0.295 2.970
UOE -0.03 0.90 -3.09 -0.60 0.04 | 0.61 179 | -0.337 2.847
ROE -0.01 0.94 -2.87 -0.63 -0.09 | 0.58 194 | -0.121 2.646

Note: Skewness coefficients are to be compared to 0, while Kurtosis coefficients are to be compared to 3.

Source: authors’ Processing in R.
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Figure 2. Histogram and the Estimated Kernel Density of the Four WLEIS Factors

The four factors of the WLEIS scale have negative skewness coefficients (Table 2),
and the shape of their distributions is represented by histograms and density curves (Figure
2), where we notice longer tails to the left in each case. Similarly to Valsan et al. (2024), to
perform a rigorous analysis, for each factor we tested the hypothesis of normality of the scores
distribution, as well as the hypothesis that the distribution is symmetric and the hypothesis
that the distribution is mesokurtic, respectively.

The test results reported in Table 3 demonstrate that none of the factors follow a
normal distribution, as the Shapiro’s tests p-values are lower than a significance level of 1%.
Moreover, except for the ROE factor (regulation of emotions), all the other three factors
exhibit significant negative skewness with a p-value less than 0.10 for the factor SEA (self-
emotion appraisal), and much lower p-values, less than 0.01, for the factors OEA (others’
emotional appraisal) and UOE (use of emotions). These results indicate that higher scores are
prevailing in the data, contrary to what is believed, that IT&C professionals do not possess a
high EI.
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As for the kurtosis tests, they complement the findings from the skewness test in the
sense that skewed distributions are mesokurtic, and the symmetrical distribution of the fourth

factor ROE (regulation of emotions) is platykurtic.

Table 3. Statistical Tests for the Distribution and Distribution Shape of the Four Factors

WLEI scale factors

distribution
Hai: the factor is not normally
distributed

p-value = 0.0087

p-value = 0.0061

p-value = 0.0006

Test F1 - SEA F2 - OEA F3 - UOE F4 - ROE
Shapiro’s test of normality
Ho: the factor follows a normal W =0.9912, W=0.9907, W=0.98729. W=0.9896.

p-value = 0.0028

D’Agostino Skewness test
Ho: data does not have skewness
Hi: data have negative skewness

skew =-0.176,
p-value = 0.0624

skew = -0.295,
p-value = 0.0055

skew =-0.337,
p-value = 0.0019

skew =-0.121,
p-value = 0.1449

Ascombe-Glynn kurtosis test
Ho: data have kurtosis 3

kurt =2.971,
p-value = 0.5148

kurt =2.970,
p-value = 0.5122

kurt =2.847,
p-value = 0.2867

kurt = 2.646,
p-value = 0.0419

Hi: kurtosis is lower than 3
Source: authors’ processing in R.

3.2 UWES scale for the Assessment of Work Engagement

Next, we turn our attention to the second scale employed in our research, the Utrecht
Work Engagement Scale (UWES) or the Well-being Survey Scale (UWES), the short version
with 3 items (Schaufeli et al., 2017). All the items are measured on a Likert scale from 0 to 6,
where 0 means never and 6 means always.

The descriptive statistics of the 3 items (see Table 4) show that the means range from
3.47, item “At my work, | feel bursting with energy”, assigned to vigour, to the greatest
sample of 4.18, item “l am immersed in my work”, assigned to absorption. The observed data
for the items exhibits both positive skewness for vigour, and negative skewness for the other
two items, but for none of the skewness coefficient is larger than 1 in absolute value, thus, the
items distributions are not highly asymmetric.

Table 4. Descriptive Statistics of the 3 Items Included in the UWES Scale

Item mean | sd skew | kurtosis
(vigour) At my work, | feel bursting with energy 347 |1.01| 0.14 ] 3.07
(dedication) | am enthusiastic about my job. 417 | 1.17 | -0.26 | 2.49
(absorption) | am immersed in my work. 418 | 1.19 | -0.16 | 2.38

Note: Skewness coefficients are to be compared to 0, while Kurtosis coefficients are to be compared to 3.

Source: authors’ processing in R.

The data were suitable for factor analysis as the Bartlett sphericity test applied to the
polychoric correlation matrix yielded ¥2=428.965, p-value~0, and the Kaiser-Meyer-Olkin
measure of factor adequacy was 0.68 greater than 0.6. This one-factor model fits excellently
our data in the sense that CFI, TLI are well beyond 0.95, and RMSEA, SRMR are well below
0.05. Table 5 shows the standardised loadings and their statistical significance.
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Table 5. Standardised Loadings of CFA Estimation for UWES-3 Items
Latent Variable: work engagement
Items Estimate | Std.Err | z-value | P(>|z|)
(vigour) At my work, | feel bursting with energy 0.707 0.034 | 20.492 0.000
(dedication) | am enthusiastic about my job. 0.885 0.029 | 30.670 0.000
(absorption) | am immersed in my work. 0.671 0.032 | 20.999 0.000

Source: authors’ processing in R.

Cronbach’s alpha for the work engagement factor in the UWES 3-items model was
0.76, greater than 0.7, which proves that the 3-items model has good internal reliability; the
average variance explained was 0.578, above the limit of 0.50 recommended by Hair et al.
(2010), and the composite/construct reliability of the new latent construct was 0.774, higher
than 0.7.

Work engagement factor scores do not follow a normal distribution (Shapiro Wilk test
statistic was 0.991, with p value=0.006), their distribution is negatively skewed (sample
skewness was -0.18, p value=0.059<0.10) and mesokurtic (sample kurtosis was 2.279, p
value=0.113). Overall, the scores of the work engagement factor indicate a left skewed
distribution, with higher levels of work engagement prevailing in the sample, however, the
degree of asymmetry is roughly weaker than that of OEA (others’ emotion appraisal, skew=-
0.295) and UOE (use of emotions, skew=-0.337).

3.3 Relationship between the Factors of WLEIS Scale for Emotional Intelligence and the
Factor of UWES Scale for Work Engagement

Addressing the second research question, the relationship between the four factors of
the WLEIS scale and the work engagement factor was assessed by means of nonparametric
correlation, calculating the Spearman sample correlation coefficients, and making inferences
on the true value of them in the population. The results are presented in Table 6, p values are
associated with the test of Ho: the population Spearman correlation coefficient is not
statistically significant against Hi: the population Spearman correlation coefficient is
significantly greater than 0. As it can be seen in Table 6, all p values are smaller than the
significance level of 1%, proving that all correlation coefficients are significantly greater than
0. The strongest positive association was found between the factor UOE — use of emotions —
and the Work Engagement factor; their correlation coefficient is 0.3619.

Table 6. Non-parametric Correlation of the WLEI Scale

SEA — Self- OEA - Others’ ROE —
Emotion Emotion UOEf Use of Regulation of
. - Emotions -
Appraisal Appraisal Emotions
Work Spearman sample 0.2014 0.1734 0.3619 0.2049
Engagement correlation coefficient
factor P-value 8.38e-06 0.0001 1.15e-15 5.93e-06

Source: authors’ processing in R.

Our results are in line with Selvi and Aiswarya (2022) research that identifies a strong
correlation between the work engagement of automobile sector employees and emotional
intelligence, giving significant value to people’s needs and emotions even in technical jobs.
Moreover, Brunetto (2012) study emphasises that emotional intelligence of police officers
predicted well-being and job satisfaction, which in turn influenced their engagement. These
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results might suggest that employees who self-assess their and other people’s emotions,
understand how to use their feelings and regulate them during work, are more aware of their
working environment and better understand everyday challenges. These can translate into a
higher work engagement, as they feel more vigorous and dedicated to work.

3.4 Emotional Intelligence and Work Engagement among IT&C Specialists According to
Various Demographic Characteristics

The final part of the analysis addresses the third research question, focusing on six
selected control variables: gender, age, provenance, income, occupation, and completed
education, examining whether there are significant differences between the groups in relation
to the factors of the emotional intelligence and work engagement scales. Similar aspects have
previously been explored. For instance, Jorfi et al. (2011) revealed that demographic variables
such as age, gender, position title, educational and working experience may have positive
association with emotional intelligence. Authors like Gautan and Khurana, (2018), Kumar and
Muniandy (2012), Pooja and Kumar (2016) are also interested in the influence of
demographic profiles on emotional intelligence.

For this purpose, non-parametric tests such as the Kruskal-Wallis (KW) test, and the
Jonckheere-Terpstra (JT) test were conducted. The latter is considered with an increasing or
decreasing trend in medians (see Table 7).

Table 7. Results after Conducting Nonparametric Tests, such as Kruskal-Walis (KW) Test, Jonckheere-
Terpstra (JT) Test

Sex Age Provenience Monthly income Occupational Complgted
status education
Self- JT = 15169, JT = 31089, JT =19738, JT = 16524, JT = 18307, KW = 0.6778,
Emotion increasing increasing increasing increasing increasing Pvalue = 0.8784
Appraisal Pvalue = 0.0083 Pvalue = 0.0073 Pvalue = 0.0367 Pvalue = 0.0347 Pvalue = 0.1833
Others’ JT =11328, JT = 27297, JT =19462, KW = 4.8866, JT =19508, KW = 3.208,
Emotion decreasing decreasing increasing Pvalue = 0.1803 increasing Pvalue = 0.3607
Appraisal Pvalue = 0.0593 Pvalue = 0.3973 Pvalue = 0.0647 Pvalue = 0.0237
Use of JT = 14706, JT = 25567, JT =18041, JT = 14852, JT = 18795, JT = 25501,
Emotions increasing decreasing increasing increasing increasing decreasing
Pvalue = 0.0257 Pvalue = 0.0637 Pvalue = 0.3903 Pvalue = 0.4427 Pvalue = 0.0837 Pvalue = 0.0637
Regulation JT = 16441, JT = 27954, JT =19011, JT = 14274, KW = 1.4532, JT = 24427,
of Emotions | increasing increasing increasing decreasing Pvalue = 0.8381 decreasing
Pvalue = 0.0003 Pvalue = 0.4123 Pvalue = 0.1343 Pvalue = 0.3323 Pvalue = 0.0123
Work KW = 0.0554, JT = 27365, JT = 16689, JT =13491, JT = 18296, JT = 26401,
Engagement | Pvalue = 0.8139 decreasing decreasing increasing increasing decreasing
Pvalue = 0.4303 Pvalue = 0.1727 Pvalue = 0.8847 Pvalue = 0.1813 Pvalue = 0.123

Note: In the above table, JT refers to the Jonckheere-Terpstra test statistic. The alternative hypothesis in JT test is
specified as [, meaning increasing order of the medians along the categories of the ordinal independent
variable, or B, meaning decreasing order of the medians along the categories of the ordinal independent
variable. We considered 3000 permutations when calculating the p-values.

Source: authors’ reporting based on results from R.

In order to easily interpret the results from Table 7, we created several box-plot
diagrams (see Figure 3).

Thus, as can be seen in Table 7, for the control variable gender, we found that for all
four factors of the emotional intelligence scale, the JT test was significant. To illustrate, the
medians are in ascending order (female, male) for SEA, UOE, ROE factors, respectively
descending (female, male) for the factor others’ emotions appraisal. These aspects can be
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better visualised in Figure 3. As for the factor of others’ emotions appraisal, a randomly
selected score from both categories, it is more likely to result in a higher score for the Female
group than for the Male group of respondents. This demonstrates that females tend to hold
higher scores in relation to this factor as opposed to males.

For the other three factors, SEA, UOE si ROA, the JT tests are increasingly more
significant since they reveal that males (who work in IT&C and are mainly young) tend to
evaluate their emotions more accurately, use them more efficiently and manage them better
than females.

In general terms, studies unveil divergent results regarding the levels of EI depending
on the gender: while Goleman (1998) did not identify any gender differences, Shahzad and
Bagum (2012) demonstrated in their study conducted in Pakistan that male participants have
higher level of emotional intelligence as compared to females, and authors like Gautan and
Khurana, 2018; Pooja and Kumar (2016), Venkatappa et al. (2012) express the contrary,
namely that females are more intelligent emotionally than men. The results of Dhani and
Sharma (2017) indicate significant gender differences relating to emotional intelligence and
job performance in the IT sector, suggesting that females score better than men.

The median values for the work engagement factor are very close, the distribution of
scores is not significantly different between the two sex categories.

Self Emotion Appraisal factor
Other’s Emotion Appraisal factor

o —_—

JT=15169, increasing JT=11328, decreasing
p-value = 0.0083 Q@ - p-value = 0.0593

T T T T
Female Male Female Male
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Regulation of Emotions factor

JT=14706, increasing JT=16441, increasing
@ p-value = 0.0257 p-value = 0.0003

T T T T
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Sex Sex

Note: The horizontal blue line is in each case the latent construct median.

Source: authors’ realisation in R.

Figure 3. Boxplot of the Emotional Intelligence Factors According to Gender.
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Regarding the variable age, there have been significant differences confirmed only for
the self-emotion appraisal and use of emotions dimensions, one involving an increasing trend
and the other a decreasing trend. This means that, as people get older, the assessment of their
own emotions becomes increasingly better, with those above 36 years having, in general, the
highest scores, and approximately 75% of them having scores above the overall factor’s
median in the sample. These results are in accordance with the research of other authors
(Gautan and Khurana, 2018, Pooja and Kumar, 2016) which confirm that EI increases with
age. Petrides and Furnham (2006) concluded that age interacted with gender, such that older
females showed in their research higher emotional intelligence compared with younger
females. For the same SEA score, the proportion of respondents with lower values than the
score in the group of over 36 years is smaller compared to the proportions of the two younger
groups; the biggest proportion can be found in the class of very young respondents, of below
25 years, where we can observe the smallest median, below the overall median of the factor.

Another type of pattern is observed for the use of emotions dimension, where the
medians present a decreasing trend. The highest scores are mainly held by very young
respondents, followed by those in the age category of 26—35 years and those above 36 years.
The oldest respondents display a balanced distribution according to UOE, their median
overlapping the median of the factor in the sample.

Although not significant, the work engagement factor exhibits a decreasing trend; in
other words, as IT&C employees are more mature, work engagement tends to become lower,
as can be seen in Figure 4, top centre plot.

Self Emotion Appraisal factor
Use of Emotions factor
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' T T \ \ T \
Below 25 yrs  26-35 yrs Over 36 yrs Below 25 yrs  26-35 yrs Over 36 yrs
Age Age

Note: The horizontal blue line is the factor median.
Source: authors’ realisation in R.

Figure 4. Boxplot of the SEA and UOE Latent Constructs According to Age

As for provenience, only two factors showed significant results, particularly
increasing trends in the self-emotion appraisal and others’ emotion appraisal, with a greater
difference in medians for the SEA factor than the difference in medians for the OEA factor,
yet significant at 10% for the latter one. Those respondents who were born and grew up in
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rural areas tend to have a weaker assessment of emotions, as opposed to those who grew up in
an urban environment, whereas when it comes to work engagement, the trend is reversed,
although not significant (see Figure 5).

The determination, motivation, energy, vigour, and dedication of young specialists in
IT&C coming from the countryside may explain predominantly higher levels of work
engagement than those coming from city areas. Maybe this aspect is something interesting,
something that can be found mostly in countries of Central and Eastern Europe and less in
countries of the West, where the living conditions between rural and urban environments have
been, for some time, reduced, or at least, balanced. The increased engagement of the
employees coming from rural areas can be also related to fewer work opportunities.

Self Emotion Appraisal factor
Other's Emotion Appraisal factor
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Note: The horizontal blue line is the factor median.
Source: authors’ realisation in R.

Figure 5. Boxplot of the SEA and OEA Latent Constructs According to Provenience.

The next control variable is the monthly income, recorded in four categories, the first
one corresponding to the lowest incomes, below 1500 lei (below = 300 euro), and the fourth
one to the highest recorded category of wages, above 5000 lei (above = 1000 euro). Regarding
the first factor, self-emotion appraisal, the JT test, p-value = 0.0347, confirms an upward
trend, indicating that higher-paid IT&C professionals tend to have a greater appreciation of
their own emotions. A higher salary is frequently associated with a more significant
professional and life experience, which in turn leads to a better understanding of feelings and
emotions. There were no noteworthy results obtained for the other factors in the statistical
tests. We did notice, though, that for others’ emotions appraisal scores, there are notable
differences between the medians of each of the three categories of earnings above 1500 lei
compared to the lowest monthly earnings category. This can be seen even more clearly in
Figure 6, where the median of the OEA scores for low wage income is below the overall
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factor median, and the medians of the other categories are above (blue horizontal line). Also
from Figure 6, in the case of the use of emotions factor, we notice an upward trend in the
medians of the scores, though insignificant, and an apparently trendless behaviour for the
ROE factor.

Although not imperative, the pattern of median work engagement by monthly income
is interesting in that the medians display an increase in the first three classes of wages (those
which are smaller than 5000 lei), whereas the median for the highest wages (above 5000 lei) is
much lower than that of the previous category, almost identical to the one of the latent
construct in the sample.

Self Emotion Appraisal factor
Other's Emotion Appraisal factor

JT=16254, increasing -
p-value = 0.0347 “ < o
T T T T T T T T

Below 1500 lei  1500-3500 lei  3500-5000 lei  Over 5000 lei Below 1500 lei  1500-3500 lei  3500-5000 lei  Over 5000 lei

Monthly income Monthly income

Use of Emotions factor

Regulation of Emotions factor

T T T T T T T T
Below 1500 lsi 1500-3500 lei  3500-5000 lei  Over 5000 lei Below 1500 lsi 1500-3500 lei  3500-5000 lei  Over 5000 lsi

Monthly income Monthly income

Note: The horizontal blue line is the factor median.
Source: authors’ realisation in R.

Figure 6. Boxplot of the Four Latent Constructs of WLEI Scale According to Monthly Income

In terms of occupational status, the categories range from unemployed, student,
employee, freelancer to entrepreneur. The JT test was significant for two factors OEA and
UOE, at 5% and 10%, respectively. This finding was also discovered in Figure 7 with the
(predominantly) increasing trend in the medians of the two mentioned factor scores, by the
occupational status categories. An upward trend was also noticed in the medians of self-
emotion appraisal factor, but notably not at 10%, the largest differences in medians being
observed between those of employee and entrepreneur groups, compared to the unemployed
category.

The trend in medians of work engagement is increasing (Figure 7, bottom centre),
with the highest scores for entrepreneurs. The plot also indicates a great difference in the
medians between Entrepreneurs and Employees as well as between Entrepreneurs and
Freelancers. Even though the JT test is not statistically significant, p value = 0.1813, this test,
the one for provenience and the one for the next control variable, educational attainment, have
the lowest p values, in the range from 0.10 to 0.20.
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=
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Source: authors’ realisation in R.

Figure 7. Boxplot of the Four Latent Constructs of WLEI Scale According to Occupational Status

The sixth control variable shows the level of education most recently completed by the
respondents (or educational attainment), from high school to doctorate (PhD). The first two
factors have no significant differences between the category medians (see Figure 8, top left
and top right); as for the use of emotions and regulation of emotions factors, the JT test is at
10% and 5% level of significance, respectively. As it can also be seen in Figure 8, in the
bottom boxes, there is a decreasing tendency in the medians, more evident in the case of ROE.
The highest median corresponding to those who have completed high school (and are now
likely to be students) and the lowest medians for those with PhDs. Assuming that the higher
the education level, the greater the work experience, an interesting result was reported in the
Indian service sector: the value of El rises with increasing years of work experience and peaks
among employees with 16-20 years of experience, and after that, decreases again (Pooja and
Kumar, 2016). On the other hand, Gautan and Khurana (2018) reveal that educational
qualifications do not have any significant impact on the emotional intelligence of respondents
included in their study.

Speaking of the work engagement factor, the nonparametric tests results are not
notable, but with a p value of 0.123 only slightly greater than 0.10. Nevertheless, we notice a
decreasing pattern in the medians from high school to M.Sc., and the PhD median bounces
back, reaching a value greater than the one observed for high school (Figure 9, bottom right).
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Conclusions

The study analyses the level of emotional intelligence among those who contribute to
the creation of technology, namely IT&C professionals. The focus lies on Romania, an
Eastern European country, which has a good reputation in Europe for its numerous and well-
trained IT&C specialists (Dobre, 2014). Considering the relevance of the Romanian IT&C
industry on a global level (Popescu-Predulescu, 2024) and its challenges regarding
employees’ attrition (Davis and Edmonds, 2022), as well as the importance of EI in creating
work engagement and setting consequently some prerequisites for the sustainable success of
an organisation on global markets, we considered scientifically relevant to conduct a research
which investigates the level of El among IT&C specialists in Romania and its connection with
work engagement (also considering various demographic variables as control variables).
Therefore, the present study brings added value to the academic literature by filing a gap
(geographically and industry specific). Other scientific contributions refer to the validation of
both scales, WLEIS and UWES in the Romanian IT&C context.

The conclusions from the empirical analysis cover several aspects, including:
validation of the four-factor WLEI scale, for which the distribution of scores shows negative
skewness, indicating that IT&C professionals with higher scores predominate in the sample in
all four dimensions; validation of the short version 3-item UWES scale, which predicted a
work engagement latent construct with a lower degree of negative skewness; direct and highly
significant association between the four El factors and the work engagement factor was
confirmed, the strongest relationship was observed between the use of emotions latent factor
and work engagement.

We have further examined whether there are significant differences in the latent
variables among the classes or groups of the control sociodemographic variables.
Subsequently, we found that according to SEA, men stochastically dominate women in all El
factors, except for others’ emotion appraisal, for which the order is reversed. For the other
control variables, we discovered several situations with significant increasing or decreasing
order of the factors’ medians. SEA displays a significant increasing trend in the medians
according to age, provenience, and monthly income; OEA has as well an increasing trend in
the medians for provenience and occupational status, while UOE proved to have a decreasing
tendency in the medians according to age, completed education, and an upward tendency for
occupational status. Except for SEA, ROE shows a significant pattern, a downward one, with
respect to completed education. As for the work engagement latent construct, the non-
parametric tests were all non-significant for all control variables.

The limitations of the research refer to the geographical limitation and sample
representativeness, which does not allow the extrapolation of the results. Another limit is
represented by the self-assessment method of both EI and work engagement, which, despite
its utilisation on a large scale, might be biased. Some possible causes of biases were discussed
earlier in the present paper. However, in order to be more objective, instead of self-reporting
could be used performance-based models, since these types of tests are more resistant to the
cognitive biases of self-reporting and faking good (Day, Caroll, 2004; Herpertz et al., 2016).

Another potential research direction, which could endorse the relevance of our
research that investigates emotional intelligence within IT&C professionals and eventually
offer further insights related to geographical distribution and interest for the topic, as well as
connected subtopics, could be represented by a complex bibliometric analysis approach. This
approach is similar to that deployed by Delcea et al., 2024.
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Further research perspectives are represented by the exploration of various topics
closely related to El in the Romanian context, eventually in a comparative manner. Cultural
intelligence is closely interconnected emotional intelligence: what is considered emotional
intelligent in one cultural setting might be considered less intelligent in another one, be it in
society or in the work environment (Ang et al., 2011; Compton, 2021; Saklofske et al., 2015).
Following the approach of Bratianu and Paiuc (2023), who determined that cultural and
emotional intelligence is more developed in the Romanian business environment than in the
American one, other cross-cultural analyses could be conducted. Other further avenues which
could be explored more deeply relate to the motives that remain behind the various results of
the present research: for instance, the average values of El and work engagement are
significantly different within certain demographic groups. It would be interesting to reveal the
reasons that hide behind this outcome.

References

Ahmed, M., Alemu, A. E., Endris, H. (2022), “Economic Liberalization, Privatization and Globalization Hodge-
Podges: Ethiopian Manufacturing Firms Retort from Marketing Perspectives”, Proceedings of the 5th
International Conference on Economics and Social Sciences (2022), ISSN 2704-6524, pp.299-312.

Amjad, C., Abid, U. (2011), “An Investigation of the Relationship between Employees’ Emotional Intelligence
and Performance”, African Journal of Business Management, Vol. 5, No 9, pp.3556-3562.

Ang, S., Van Dyne, L., Tan, M.L. (2011), “Cultural intelligence”, in: R. J. Sternberg and S. B. Kaufman (eds.),
Cambridge handbook on intelligence, New York: Cambridge Press, pp.582-602.

Ang, S., Van Dyne, L., Koh, C., Ng, K.Y., Templer, K.J., Tay, C., Chandrasekar, N.A. (2007), “Cultural
Intelligence: Its Measurement and Effects on Cultural Judgment and Decision Making, Cultural
Adaptation and Task Performance.”, Management and Organization Review, Vol. 3, pp.335-371.
https://doi.org/10.1111/j.1740-8784.2007.00082.x.

Aoudni, Y., Balasubramani, M., Natarajan, Sabeenian, R.S., Rao, V.S., Sesha Lakshmi, P.N.S. (2025),
“Advancing personalized human-robot interaction in the smart world through emotional Al in
entertainment robots”, Entertainment Computing, Vol. 52, No 100770.
https://doi.org/10.1016/j.entcom.2024.100770.

Biclesanu, 1., Anagnoste, S., Sulea, I. (2022), “Determinants of the Individual Decision to Travel Less during the
COVID-19 Pandemic”, Proceedings of the 5th International Conference on Economics and Social
Sciences (2022), ISSN 2704-6524, pp.499-510. DOI: 10.24789788367405072-045.

Bratianu, C., Paiuc, D. (2023), “Emotional and cultural intelligences: a comparative analysis between the United
States of America and Romania”, Management & Marketing, Vol. 18, No 2, pp.91-112. DOI:
10.2478/mmcks-2023-0006.

Brown, T. A. (2015), Confirmatory factor analysis for applied research, Guilford publications, 2" Edition.

Browne, M.W., Cudeck, R. (1993), “Alternative ways of assessing model fit”, in K. A. Bollen and J. S. Long
(eds.), Testing structural equation models, pp.136-162. Newbury Park, CA: Sage.

Carmona-Halty, M.A., Schaufeli, W.B., Salanova, M. (2019), “The Utrecht Work Engagement Scale for
Students (UWES-9S): Factorial validity, reliability, and measurement invariance in a Chilean sample of
undergraduate  university  students”, Frontiers  in  psychology, Vol. 10, No 1017.
https://doi.org/10.3389/fpsyg.2019.01017.

Carrothers, R., Gregory, S., Gallagher, T. (2000), “Measuring Emotional Intelligence of Medical School
Applicants”, Academic Medicine, Vol. 75, No 5, pp.456-463. https://doi.org/10.1097/00001888-
200005000-00016.

Cherry, K. (2022), Theories of Intelligence in Psychology, available at, https://www.verywellmind.com/theories-
of-intelligence-2795035, referred on 10/05/ 2024.

Compton, D. (2021), “Effects of Perceived Racism, Cultural Intelligence, and Personality: Student
Characteristics and Views at an Evangelical Christian University”, Psychology, Vol. 12, pp.1642-1677.
doi: 10.4236/psych.2021.1210101.

Covey, S. (2004), The 8th Habit: From effectiveness to greatness, NY: Simon and Schuster.

Das, S.C., Ali, W. (2014), “Relationship between emotional intelligence and job satisfaction of banking
employees: A descriptive study”, Journal of Organisation and Human Behaviour, Vol. 3, No 2, pp.24-30.

TRANSFORMATIONS IN BUSINESS & ECONOMICS, Vol. 24, No 2 (65), 2025



M. Covrig, S.l. Goia (Agoston), R.S. 67 ISSN 1648-4460
Igret, C.-V. Marinas, O.-A. Burca

Davis, C., Edmonds, C. (2022), The “Great Resignation” in tech: looking back and moving forward, Iconiq
Capital, available at, https://www.iconigcapital.com/growth/insights/the-great-resignation-in-tech-
looking-back-and-moving-forwar, referred on 10/05/2024.

Davis, M., Stankov, L., Roberts, R. (1998), “Emotional Intelligence: In search of an elusive construct”, Journal
of Personality and Social Psychology, Vol. 75, No 4, pp.989-1015.
https://psycnet.apa.org/doi/10.1037/0022-3514.75.4.989.

Day A.L., Carroll S.A. (2004), “Using an ability-based measure of emotional intelligence to predict individual
performance, group performance, and group citizenship behaviours”, Personality and Individual
Differences; Vol. 36, pp.1443-58.

Delcea, C., Oprea, S.-V., Dima, A.M., Domenteanu, A., Bara, A., Cotfas, L.-A. (2024), “Energy communities:
Insights from scientific publications”, Oeconomia Copernicana, Vol. 15, No 3, pp.1101-1155.
https://doi.org/10.24136/0c.3137.

Dhani, P., Sharma, T. (2017), “Effect of emotional intelligence on Job Performance of IT employees: A gender
study”, Procedia Computer Science, pp.180-185. https://doi.org/10.1016/j.procs.2017.11.358.

Dobre, I. (2014), IT Service Providers in Romania, Master thesis, U. Hasselt.

Du Plooy, J., Roodt, G. (2010), “Work engagement, burnout and related constructs as predictors of turnover
intentions:  original research”, SA Journal of Industrial Psychology, Vol. 36, No 1.
https://hdl.handle.net/10520/EJC89193.

Dunning, D.K.J. (2011), “The Dunning—Kruger Effect: On Being Ignorant of One’s Own Ignorance”, Advances.
Exp. Soc. Psychol, Vol. 44, pp.247-296.

Econmedia (2022), available at, https://economedia.ro/angajatii-barbati-din-domeniul-it-si-comunicatii-
covarsitor-mai-multi-decat-angajatele-femei-in-ue.html, referred on 05/05/2024.

Edwards, A., Edwards, C., Westerman, D., Spence, P.R. (2019), “Initial expectations, interactions, and beyond
with  social  robots”, = Computers in  Human  Behavior, Vol. 90, pp.308-314.
https://doi.org/10.1016/j.chb.2018.08.042.

EITHealth, (2021), In Romania, healthcare is the new IT sector, available at, https://eithealth.eu/news-article/in-
romania-healthcare-is-the-new-it-sector/#_ftn2 , referred on 15/05/2024.

Ezzi, F., Zouari-Hadiji, R., Jarboui, A. (2020), “CSR categories and R&D investment: The moderates’ role of
managerial emotional intelligence”, Management & Marketing. Challenges for the Knowledge Society,
Vol. 15, No 1, pp 17-37. DOI: 10.2478/mmcks2020-0002.

Falahat, M, Chai, L., Aun, L., Migin, M. (2014), “Emotional intelligence and turnover intention”, International
Journal of Academic Research Part B; Vol. 6, No 4, pp.211-220. DOI: 10.7813/2075-4124.2014/6-
4/B.33.

Federici, R.A., Skaalvik, E.M. (2011), “Principal self-efficacy and work engagement: assessing a Norwegian
Pricipal ~ Self-Efficacy Scale”, Social Psychology of Education, Vol. 14, pp.575-600.
http://dx.doi.org/10.1007/s11218-011-9160-4.

Fong, T.Ct., Ng, Sm. (2012), “Measuring Engagement at Work: Validation of the Chinese Version of the Utrecht
Work Engagement Scale”, International Journal of Behavioral Medicine, Vol. 19, pp.391-397.
https://doi.org/10.1007/s12529-011-9173-6.

Fox, S., Spector, P. (2000), “Relations of emotional intelligence, practical intelligence, general intelligence, and
trait affectivity with interview outcomes: it's not all just "G"”, Journal of Organizational Behavior, Vol.
21, pp.203-220. https://doi.org/10.1002/(SIC1)1099-1379(200003)21:2%3C203::AID-
JOB38%3E3.0.CO;2-Z.

Gardner, H.E. (1993), Multiple intelligences: The Theory in practice, New York: Basic Books.

Gautam, A., Khurana, C. (2018), “Demographic Variables as Indicators of Emotional Intelligence: A Study of
Selected Enterprises of Uttarakhand”, Journal of Management, VVol. 6, No 1, pp.11-20.

Gholipour Soleimani, A., Einolahzadeh, H., Tiu Wright, L. (2017), “The mediating effect of leader—member
exchange in relationship with emotional intelligence, job satisfaction, and turnover intention”, Cogent
Business & Management, Vol. 4, No 1. https://doi.org/10.1080/23311975.2017.1419795.

Giao, H.N.K., Vuong, B.N., Huan, D.D., Tushar, H., Quan, T.N. (2020), “The Effect of Emotional Intelligence
on Turnover Intention and the Moderating Role of Perceived Organizational Support: Evidence from the
Banking Industry of Vietnam”, Sustainability, VVol. 12, No 1857. https://doi.org/10.3390/su12051857.

Goleman, D. (1998), Working with emotional intelligence. New York: Bantam Books.

Goleman, D. (2005), Emotional Intelligence: Why It Can Matter More Than 1Q. Bantam Books, New York.

Goleman, D. (2006), Social Intelligence: The New Science of Human Relationships. Bantam Books, New York.

Hair, J., Black, W., Babin, B., Anderson, R. (2010), Multivariate data analysis, 7" Edition, Prentice-Hall, Inc.
Upper Saddle River, NJ, USA.

TRANSFORMATIONS IN BUSINESS & ECONOMICS, Vol. 24, No 2 (65), 2025




M. Covrig, S.I. Goia (Agoston), R.S. 68 ISSN 1648-4460
Igret, C.-V. Marinas, O.-A. Burca

Harshini, S., Ramachandran, K. (2020), “An analysis of the role of Emotional Intelligence on Job Performance
of employees in IT Companies, Chennai”, Alochana Chakra Journal, Vol. 9, No 9, pp.872-879.

Herpertz, S., Nizielski, S., Hock, M., Schiitz, A. (2016), “The Relevance of Emotional Intelligence in Personnel
Selection for High Emotional Labor Jobs”, PLOS ONE, Vol. 11, No 4, pp.e0154432.
https://doi.org/10.1371/journal.pone.0154432.

Hjalmarsson, A.K.V., Daderman, A.M. (2022), “Relationship between emotional intelligence, personality, and
self-perceived individual work performance: A cross-sectional study on the Swedish version of TEIQue-
SE”, Current Psychology, Vol. 41, pp.2558-2573 (2022). https://doi.org/10.1007/s12144-020-00753-w.

Hoang, D.V., Tung, L.T. (2023), “Impact of Relationship Quality on Customer Loyalty: A Study in the Banking
System”, Proceedings of the 6th International Conference on Economics and Social Sciences (2023),
ISSN 2704-6524, pp.554-566.

Hu, L., Bentler, P.M. (1999), “Cut off criteria for fit indexes in covariance structure analysis: Conventional
criteria versus new alternatives.” Structural Equation Modeling: A Multidisciplinary Journal, Vol. 6, No
1, pp-1-55. https://doi.org/10.1080/10705519909540118.

Humphreys, L.G. (1979), “The Construct of General Intelligence”, Intelligence, Vol. 3, pp.105-120.
https://doi.org/10.1016/0160-2896(79)90009-6.

llie, L., Kahn, M. (2022), Focus: UiPath's success fires up Romania's unicorn dreams, Reuters, available at,
https://www.reuters.com/technology/uipaths-success-fires-up-romanias-unicorn-dreams-2022-01-25/,
referred on 20/06/2024.

Institutul National de Statistica (2023), Comunicat de Presa nr 61/ 15 martie 2023, Domeniul: Piata Fortei de
Munca.

Jassim, J.M., Al Hiali, T., Nimah, N.R., Milhim, H., Nsaif, A.D., Shaheen, B.S., Salim, A.A., Fadhel, R.A,,
Khazal, K.A., Hussein, H.M. (2024), “Student Emotional Intelligence Role on Music Education in Iraq:
With Mediating Role of Student Engagement and Innovation Adoption”, Artseduca, Vol. 38, pp.358-370.
DOI: 10.58262/ArtsEduca.3827

Jordan, P.J., Troth, A. (2011), “Emotional intelligence and leader member exchange: The relationship with
employee turnover intentions and job satisfaction”, Leadership & Organization Development Journal,
Vol. 32, No 3, pp.260-280. https://doi.org/10.1108/01437731111123915.

Jorfi, H., Yaccob, H.F.B., Shah, .M. (2011), “The relationship between demographics variables, emotional
intelligence, communication effectiveness, motivation, and job satisfaction”, International Journal of
Academic Research in Business and Social Sciences, Vol. 1, No 1, pp.35-58.

Joseph, D.L., Newman, D.A. (2010), “Emotional intelligence: An integrative meta analysis and cascading
model”, Journal of Applied Psychology, Vol. 95, No 1, pp.54—78. https://doi.org/10.1037/a0017286.
Kansal, P., Sadawarti, H. (2025), “The Fuzzy Frontier: Ranking the Employability Skills for Computer Science

Graduates Using Fuzzy AHP”, GMSARN International Journal, Vol. 19, No 1, pp.113-124.

Kaur, D., Sambasivan, M., Kumar, N. (2015), “Impact of emotional intelligence and spiritual intelligence on the
caring behavior of nurses: a dimension-level exploratory study among public hospitals in Malaysia”,
Applied Nursing Research, Vol. 28, No 4, pp.293-298.

Kahn, W.A. (1990), “Psychological conditions of personal engagement and disengagement at work”, Academy of
Management Journal, Vol. 33, No 4, pp.692—724. https://doi.org/10.2307/256287.

Kraska-Miller, M. (2013), Nonparametric statistics for social and behavioral sciences. Crc Press.

Kulikowski, K. (2017), “One, two or three dimensions of work engagement? Testing the factorial validity of the
Utrecht Work Engagement Scale on a sample of Polish employees”, International Journal of
Occupational Safety and Ergonomics, Vol. 25, No 2, pp.241-249.
https://doi.org/10.1080/10803548.2017.1371958.

Kumar, J.A., Muniandy, B. (2012), “The influence of demographic profiles on emotional intelligence: A study
on polytechnic lecturers in Malaysia”, International Online Journal of Educational Sciences, Vol. 4, No
1, pp.62-70.

Law, K.S., Wong, CS., Huang, G.H., Li, X (2008), “The effects of emotional intelligence on job performance
and life satisfaction for the research and development scientists in China”, Asia Pacific Journal of
Management, Vol. 25, pp.51-69. https://doi.org/10.1007/s10490-007-9062-3.

Leoveanu-Soare, B.E., Nimerenco, 1. (2023), “Management of Municipal Waste in Romania and Hungary in the
EU Context”, Proceedings of the 6th International Conference on Economics and Social Sciences (2023),
pp.163-173.

Lie, T., Liu, C.L. (2014), “Service orientation of information technology professionals: The effect of personal
and environmental factors.”, in: A. Rocha, A. M. Correia, F. B. Tan, and K. A. Stroetmann (eds.), New
Perspectives in Information Systems and Technologies, Vol. 1 (Vol. 275, pp.51-60). Springer

TRANSFORMATIONS IN BUSINESS & ECONOMICS, Vol. 24, No 2 (65), 2025



M. Covrig, S.I. Goia (Agoston), R.S. 69 ISSN 1648-4460
Igret, C.-V. Marinas, O.-A. Burca

International Publishing.

Majeed, N., Ramaya, T., Mustamil, N., Nazri, M., Jamshed, S. (2017), “Transformational Leadership and
Organizational Citizenship Behavior: Modeling Emotional Intelligence as Mediator”, Management and
Marketing. Challenges for the Knowledge Society, Vol. 12, No 4, pp.571-590. DOI: 10.1515/mmcks-
2017-0034

Mayer, J.D., Salovey, P., Caruso, D.R. (2004), “Emotional Intelligence: Theory, Findings, and Implications”,
Psychological Inquiry, Vol. 15, pp.197-215. https://doi.org/10.1207/s15327965pli1503_02.

Mayer, J.D., Salovey, P. (1997), “What is emotional intelligence?” in P Salovey, D Sluyter (Eds.), Emotional
development and emotional intelligence: educational implications, Basic Books, New York, pp.3-34.

Mayer, J.D., Salovey, P., Caruso, D.R., Cherkasskiy, L. (2011), “Emotional intelligence”, in: R. J. Sternberg and
S. B. Kaufman (Eds.), The Cambridge handbook of intelligence, Cambridge University Press, pp.528—
549. https://doi.org/10.1017/CB09780511977244.027.

McDaniel, M.A., Morgeson, F.P., Finnegan, E.B., Campion, M.A., Braverman, E.P. (2001),”Predicting Job
Performance Using Situational Judgment Tests: A Clarification of the Literature”, Journal of Applied
Psychology, Vol. 80, pp.730-740. https://doi.org/10.1037/0021-9010.86.4.730.

Memon, M.A., Salleh, R., Baharom, M.N.R. (2016), “The link between training satisfaction, work engagement
and turnover intention”, European Journal of Training and Development, Vol. 40 No 6, pp.407-429.
https://doi.org/10.1108/EJTD-10-2015-0077.

Mufioz, M., Ramirez, R., Guerrra, F. (2024) “Emotional intelligence, job satisfaction, and work engagement at a
public university”, Technological Innovations for Business, Education and Sustainability, pp.223 - 234.

Nasir, S.Z., Bamber, D., Mahmood, N. (2023), “A perceptual study of relationship between emotional
intelligence and job performance among higher education sector employees in Saudi Arabia”, Journal of
Organizational  Effectiveness: People and Performance, Vol. 10 No 1, pp.60-76.
https://doi.org/10.1108/JOEPP-11-2021-0323.

Nicolae, C.-A., Rosca, M.I. (2022), “Investigating Environmental Awareness of Young Adults in Romania”,
Proceedings of the 5th International Conference on Economics and Social Sciences (2022), ISSN 2704-
6524, pp.343-352, DOI: https://doi.org/10.2478/9788367405072-031.

Nightingale, S., Spiby, H., Sheen, K., Slade, P. (2018), “The impact of emotional intelligence in health care
professionals on caring behaviour towards patients in clinical and long-term care settings: Findings from
an  integrative  review”,  International  Journal of  Nursing  Studies, Vol.  80.
https://doi.org/10.1016/j.ijnurstu.2018.01.006.

Parker, J., Summerfeldt, L., Hogan, M.J., Majeski, S. (2004), “Emotional intelligence and academic success:
Examining the transition from high school to university”, Personality and Individual Differences, Vol. 36,
pp.163-172. http://dx.doi.org/10.1016/S0191-8869(03)00076-X.

Pathak, A., Shankar, S., Tewari, V. (2018), “Impact of Emotional Intelligence on Employability of IT
Professionals”, Management Insight, Vol. 14, No 1, pp.14-21. DOl:
https://doi.org/10.21844/mijia.14.01.4.

Paulhus DL. (1991), “Measurement and control of response bias.” In: Robinson JP, Shaver PR, Wrightsman LS,
editors. (1991) Measures of personality and social psychological attitudes. New York, NY: Academic
Press. pp.17-59.

Petrides, K., Furnham, A. (2006), “The role of trait emotional intelligence in a gender-specific model of
organizational variables”. Journal of Applied Social Psychology, Vol. 36, No 2, pp.552-569.

Price L.R. (2023), “Confirmatory factor analysis: foundations and extensions.” In: Tierney RJ, Rizvi F, Ercikan
K, editors. International Encyclopedia of Education (Fourth Edition). Fourth Edition. Oxford: Elsevier;
2023. pp.607-18. https://doi.org/10.1016/B978-0-12-818630-5.10016-8.

Pooja, P., Kumar, P. (2016), “Demographic Variables and Its Effect on Emotional Intelligence: A Study on
Indian Service Sector Employees”. Annals of Neurosciences, Vol. 23, No 1, pp.18-24. doi:
10.1159/000443552.

Popescu-Predulescu, R. (2024), “Understanding the Need for Income Tax Incentives. A Case Study on the It
Sector in Romania”, Proceedings of the International Conference on Business Excellence, Vol. 18, No 1,
pp.583-594. https://doi.org/10.2478/picbe-2024-0050.

Ravichandran, K., Arasu, R., Arun Kumar, S. (2011), “The Impact of Emotional Intelligence on Employee Work
Engagement Behavior: An Empirical Study”, International Journal of Business and Management
Archives Vol. 6, No 11.

Richman, A. (2006), “Everyone wants and engaged workforce. How can you create it?”, Workspan, Vol. 49, No
1, pp.36-39.

Rincon, J.A., Costa, A., Novais, P., Julian, V., Carrascosa, C. (2019), “A new emotional robot assistant that

TRANSFORMATIONS IN BUSINESS & ECONOMICS, Vol. 24, No 2 (65), 2025




M. Covrig, S.l. Goia (Agoston), R.S. 70 ISSN 1648-4460
Igret, C.-V. Marinas, O.-A. Burca

facilitates human interaction and persuasion”, Knowledge and Information Systems, Vol. 60, No 1,
pp.363-383. https://link.springer.com/article/10.1007/s10115-018-1231-9.

Roberts, R., Zeidner, M., Matthews, G. (2001), “Does Emotional Intelligence meet traditional standards for an
intelligence? Some new data and conclusions”, Emotion, Vol. 1, No 3, pp.196-230.
http://dx.doi.org/10.1037/1528-3542.1.3.196.

Rosseel, Y. (2012), “lavaan: An R Package for Structural Equation Modeling”, Journal of Statistical Software,
Vol. 48, No 2, pp.1-36. d0i:10.18637/jss.v048.i02.

Rust, R.T., Huang, M.H. (2021), The feeling economy, Springer International Publishing, pp.41-61.

Saklofske, D.H., van de Vijver, F.J.R., Oakland, T., Mpofu, E., Suzuki, L.A. (2015), “Intelligence and culture:
History and assessment.”, in: S. Goldstein, D. Princiotta, J. A. Naglieri (Eds.), Handbook of intelligence:
Evolutionary  theory, historical perspective, and current concepts, pp.341-365.
https://doi.org/10.1007/978-1-4939-1562-0_22.

Salovey, P., Mayer, J. (1990), “Emotional Intelligence”., Imagination, Cognition and Personality, Vol. 9, No 3,
pp.185-211. https://doi.org/10.2190/DUGG-P24E-52WK-6CDG.

Sameer K., Shaji, J. (2022), “Emotional Intelligence in the IT Industry: A Study on Emotional Intelligence
among IT  Professionals”,  Cardiometry, Special issue No 25, pp.756-763. DOI:
10.18137/cardiometry.2022.25.756763.

Schufeli, W. B., Bakker, A. B., Salanova, M. (2006), “The Measurement of Work Engagement with a Short
Questionnaire”, Educational and Psychological Measurement, Vol. 66, No 4, pp.701-7016.

Schaufeli, W.B., Shimazu, A., Hakanen, J., Salanova, M., De Witte, H. (2017), “An Ultra-Short Measure for
Work Engagement: The UWES-3 Validation Across Five Countries”, European Journal of Psychological
Assessment, Vol. 35, No 4, pp.1-15, https://doi.org/10.1027/1015-5759/a000430.

Schutte M.J., Ree M.J., Carretta T.R. (2004), “Emotional intelligence. Not much more than g and personality”,
Personality and Individual Differences, Vol. 37, pp.1059-1068.

Selvi, A.J.A., Aiswarya, B. (2023), “Examining the relationship between emotional intelligence and work
engagement of automobile sector employees in Chennai”, Rajagiri Management Journal, Vol. 17, No 2,
pp.156-169. https://doi.org/10.1108/RAMJ-03-2022-0052.

Shahzad, S., Bagum, N. (2012), “Gender differences in trait emotional intelligence: A comparative study.”,
Business Review, Vol. 7, No 2, pp.106-112, https://doi.org/10.54784/1990-6587.1207.

Shimazu, A., Schaufeli, W.B., Miyanaka, D., Iwata, N. (2010), “Why Japanese workers show low work
engagement: An item response theory analysis of the Utrecht Work Engagement scale”, Biopsychosocial
Medicine, Vol. 4, No 17.

Sinha, V. (2018), “Role of Emotional Intelligence in Managing Interpersonal Relations at Workplace in
the IT Sector”, International Journal of Human Capital and Information Technology Professionals, Vol.
9, Issue 4.

Sternberg, R.J. (2018), “Theories of intelligence.” In S. 1. Pfeiffer, E. Shaunessy-Dedrick, M. Foley-Nicpon
(Eds.), APA handbook of giftedness and talent, American Psychological Association, pp.145-161.
https://doi.org/10.1037/0000038-010.

Sternberg, R. J., Detterman, D. K. (1986), What Is Intelligence? Contemporary Viewpoints on Its Nature and
Definition, Bloomsbury Academic.

Stowe, L. (2020), Employee Attrition Rate, referred on https://devskiller.com/blog/attrition-rate-in-tech/, referred
on 04/05/2024.

Tang, H.-W. V., Yin, M.-S. (2008), Emotional Intelligence Characteristics of IT Professionals in Taiwan. s.l.,
s.n., pp.108-113.

Valsan, C., Druica, E., Goschin, Z., Ianole-Calin, R. (2024), “The Perception of Economic Growth and the
Romanian “Mioritic Syndrome™, Journal of Knowledge Economy, Vol. 15, pp.3718-3739.
https://doi.org/10.1007/s13132-023-01294-w.

Venkatappa, K., Shetty, S., Manjunath, S., Parakandy, S. (2012), “Gender differences in Emotional Intelligence
among First Year Medical Students.”, Journal of Evolution of Medical and Dental Sciences, Vol. 1,
pp.1256-1262. Doi: 10.14260/jemds/204.

Wilkerson, J. W. (2012), “An alumni assessment of MIS related job skill importance and skill gaps”, Journal of
Information Systems Education, Vol. 2, No 1, pp.85-97.

Willmer, M., Westerberg Jacobson, J., Lindberg, M. (2019), “Exploratory and confirmatory factor analysis of the
9-item Utrecht work engagement scale in a multi-occupational female sample: a cross-sectional study”,
Frontiers in psychology, Vol. 10, No 2771. https://doi.org/10.3389/fpsyg.2019.02771.

Wong, C.-S., Law, K. S. (2002), “The effects of leader and follower emotional intelligence on performance and
attitude: An  exploratory study”, The Leadership Quarterly, Vol. 13, pp.243-274.

TRANSFORMATIONS IN BUSINESS & ECONOMICS, Vol. 24, No 2 (65), 2025



M. Covrig, S.l. Goia (Agoston), R.S. 71 ISSN 1648-4460
Igret, C.-V. Marinas, O.-A. Burca

https://doi.org/10.1016/S1048-9843(02)00099-1.

Wong, C. S., Wong, P. M., Law, K. S. (2005), “The interaction effect of emotional intelligence and emotional
labor on job satisfaction: A test of Holland’s classification of occupations™: in: C. E. J. Hértel, W. J.
Zerbe, and N. M. Ashkanasy (eds.), Emotions in Organizational Behavior, pp.235-250. Mahwah, NJ:
Lawrence Erlbaum Associates, Inc.

Woocheol, K. (2017), “Examining Mediation Effects of Work Engagement Among Job Resources, Job
Performance, and Turnover Intention”, Performance Improvement Quarterly, VVol. 29, No 4, p.407-425.
https://doi.org/10.1002/piq.21235.

EMOCINIS INTELEKTAS IR JSITRAUKIMAS | DARBA: AR TAI SUSUJE? RUMUNLJOS
INFORMACINIU IR RYSIU TECHNOLOGIJU SEKTORIAUS ATVEJIS

Mihaela Covrig, Simona Irina Goia (Agoston), Ramona Stefania Igret, Cristian-Virgil Marinas, Oana-
Alexandra Burca

SANTRAUKA

Pripazjstama, kad emocinis intelektas yra labai svarbi darbuotojy savybé, veikianti mastyma, elgesj ir
bendravimg su kitais Zzmonémis. TradiciS§kai manoma, kad informaciniy ir ry$iy technologijy (angl. IT&C)
specialistai turi maziau socialiniy emociniy gebé&jimy nei kiti specialistai: jy iSsilavinimas ir darbo aplinka
reikalauja orientacijos j uzduotis, savarankiskumo, maZzesnio tiesioginio bendravimo, techniniy jgiidziy (Tang ir
Yin, 2008). Sio tyrimo metu, pasitelkus anketing apklausa, siekta istirti 450 Rumunijos IT&C specialisty
emocinj intelektg ir jo ry§ su jsitraukimu j darbg. Sioms koncepcijoms jvertinti naudotos dvi pagristos ir
patikimos skalés: Wong ir Law emocinio intelekto ir darbo skalé (angl. Wong and Law Emotional Intelligence
Scale and Work) (Wong ir Law, 2002) ir gerovés tyrimas (angl. Well-Being Survey) (UWES) (Schaufeli ir kt.,
2017). Tyrimo rezultatai atskleidé, kad, prieSingai nei manyta, respondenty emocinio intelekto lygis yra gana
aukstas ir tarp dviejy tiriamy koncepcijy egzistuoja tiesioginis rySys. Atlikus tyrimg paaiskéjo reikSmingi
daugelio su emociniu intelektu ir jsitraukimu j darba susijusiy veiksniy skirtumai, nustatyti pagal jvairius
kontrolinius kintamuosius, tokius kaip lytis, amzius, gyvenamoji vieta ir pajamy dydis.

REIKSMINIAI ZODZIAI: emocinis intelektas; jsitraukimas j darbg; informaciniy ir rysiy technologijy
specialistai; Rumunija; demografiniai kintamieji.
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